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Abstract:

The main problem of the study lies in finding it difficult to take solutions to
control diabetes, which results in sub-problems represented in the large spread
of diabetes in recent times and the lack of control in the stage of the disease
according to the conditions and conditions of specific regions and specific
times. The main objective of the study is to design and implement a specific
work to predict diabetes using data mining tools. this disease) and develop
appropriate solutions and take the necessary preventive measures to reduce the
spread of the disease. The importance of the study comes from the importance
of the topic of diabetes, as it is one of the most prevalent diseases, and it may
be hereditary diseases, and it is one of the permanent diseases of the person,
which is difficult to treat permanently. Kidney and amputation) This system
follows the descriptive analytical and applied approach and the research
methodology works to achieve the objectives of the study through a variety of
methods, including: quantitative and qualitative approaches. The results of the
study reached the early detection of the disease, which reduces side effects,
lower costs, and improves the prediction situation using data mining. The study
recommends the need for the availability of patient data records by collecting
real data from health institutions in Sudan and using models other than linear

regression and decision tree.
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Type predicti.. =~ Pregna.. = Glucose BloodPr..  SkinThi..  Insulin BMI Diabete.. Age
0 0 1 89 66 23 94 28.100 0.167 21
0 0 5 116 74 0 0 25.600 0.201 30
0 0 10 139 a0 0 0 27.100 1441 57
1 1 1 189 60 23 845 30.100 0.398 59
0 0 1 103 30 ki 83 43300 0.183 k]
0 0 8 99 84 0 0 35.400 0.388 50
1 1 i 143 94 3 148 36.600 0.254 51
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1 1 9 102 76 ¥ 0 32.900 0.665 46
0 0 1 146 56 0 0 29.700 0.564 29
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0 0 1 10 50 15 36 24.200 0.526 26
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